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We developed an objective method to compare distributed control algorithms in simulations of large sys-
tems. Our method has four steps: (1) develop a reduced-parameter model (i.e., Koala), (2) determine the
most significant model behaviors and the parameters that most influence those behaviors, (3) construct
a set of parameter combinations under which control algorithms should be compared and (4) use multi-
dimensional data analysis techniques to find patterns revealing significant similarities and differences
among the algorithms. This work describes steps (1) and (2) as applied to Koala, an laaS (Infrastructure-

as-a-Service) cloud simulator.
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We applied MEA to response variables selected using CAC — We computed percent of responses influenced (V) for each parameter,
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